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In an op-ed appearing in the February 2, 2016 print edition of the New York Times, R.R. 

Reno lamented, “the white middle class is in decline, both economically and culturally,” and 

expressed his concerns that “cultural instability compounds economic instability” (Reno 2016). 

Reno further claimed that the “real” socioeconomic cleavage is in fact “intra-racial,” with the 

most important division occurring between successful and unsuccessful Whites. Reno’s 

comments ultimately conclude by repudiating the idea that candidates (to his mind) have 

minimized the important role of the white middle class in the future during a very contentious 

election season. 

Though Reno’s comments certainly provide the reader with some food for thought, they 

are – as comments on the online version of the article make plain – controversial. Importantly, 

though, by discussing “the white middle class [emphasis added],” Reno simultaneously divides 

and constructs groups in American society. First, Reno divides a class group (i.e., the middle 

class) along racial lines. His characterization implies a (perhaps) more racially inclusive class 

identity, and Reno singles out only White members of the ostensibly race-neutral class group as 

the subjects of his analysis. Reno simultaneously creates a group as well: the White middle class. 

This group comprises, to Reno’s mind, its own cultural, economic, and even participatory 

character. The group is singular, exclusive on the basis not only of socioeconomic factors, but 

also on the basis of race. 

Reno’s discussion of the White middle class further implies that some people have given 

thought to the relationship between race and class, even finding within-group differences in 

class, for example, as a function of the racial group membership. But to what extent do citizens 

make this connection at an implicit level? In other words, when citizens consider the middle 

class identity and membership, do they also consider race?  I employ the 2016 CCES to explore 
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whether and to what extent racial disparity exists in middle class identification. Moreover, I 

designed a forced-choice conjoint survey experiment to explore 1) whether citizens consider race 

when evaluating whether individuals might be members of the middle class and 2) whether race 

influences the evaluation even in the presence of visible clues of socioeconomic status.  

American citizens have exhibited a tendency to merge racial identities and class 

categories, so much so that, for example, ostensibly race-neutral terms like “inner city” have 

become associated with Blacks (Mendelberg 2001; Ortner 1998). However, scholars have not yet 

devoted adequate attention to understanding the relationship between race and the middle class. 

“The Middle Class” may be not merely an economic group, but also a racial group that both 

comprises disproportionately white citizens and, furthermore, connotes “whiteness.” I argue that 

even controlling for other indicators of socioeconomic status, the middle class is composed of 

predominantly white citizens. More importantly, when given the opportunity, citizens will 

exhibit a racialized understanding of the middle class identity.  

The middle class identity is not uniquely economic in nature. In other words, the middle 

class identity is indeed racialized. Blacks disproportionately identify as non-middle class, while 

citizens appear to think that middle class membership does not comprise Latinos. It follows that 

the middle class identity is exclusionary on the basis of race, and therefore a potentially 

problematic reference group in American politics. 

A RACIALIZED MIDDLE CLASS? 

There are a number of indicators of socioeconomic status, or class in the United States. 

While some scholars have focused on cultural or subjective definitions of social class (DeMott 

1990; Jackman 1979; Kahl 1965; Kendall 2011), others have conceptualized class in more 

objective terms using a number of socioeconomic indicators, such as income (McCall and Manza 
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2011; Page, Bartels, and Seawright 2013; Stonecash 2000), occupation (Brady, Sosnaud, and 

Frenk 2009; Erikson and Goldthorpe 1992; Kahl 1965), education (Bartels 2006; Kendall 2011; 

McCall and Manza 2011). Importantly, this collection of hallmarks renders the identity popular 

and aspirational, so much so that citizens demonstrate a proclivity to incorrectly identify as 

middle class (Sosnaud, Brady, and Frenk 2013). 

However, these traditional indicators of middle class identity interact with race in 

important, and underexplored, ways. Specifically, there are a number of reasons to believe that 

the middle class identity is not race-neutral, and is instead racialized. To elaborate, racialization 

is “the extension of racial meaning to a previously racially unclassified relationship, social 

practice, or group” (Omi and Winant 2015, 111), or a process by which racial meanings are 

attached to social problems or imbue social constructs (Murji and Solomos 2005). If an 

ostensibly race-neutral group – like the middle class – is racialized, it connotes racial meaning. 

Indeed, implicit racial meaning characterizes discourse about a number of race-neutral objects in 

American political thought. For example, the term “inner city” is implicitly racialized; Social 

Security, Welfare, poverty, crime and even healthcare policy have taken on racial dimensions 

(Mendelberg 2001, 2008; Pasek et al. 2014; Soss, Fording, and Schram 2011; Tesler 2012; 

Valentino 1999; Winter 2006, 2008). 

It is not so difficult to imagine that the middle class identity is racialized. Specifically, 

Whites occupy a higher position in the American racial hierarchy, and therefore have certain 

privileges and advantageous socioeconomic resources (Feagin 2010; Lopez 2014). The 

American sociopolitical reality advantages the majority racial in-group at the cost of minority 

racial groups. As such, the membership of non-racial groups (like the middle class) may reflect a 

certain, exclusive racial or ethnic composition. It is not surprising, then, that American cultural 
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thought has merged class categorization and racial identity (Lopez 2014; Ortner 1998). Taken 

together, then, reality indicates that the ostensibly race-neutral middle class identity may racial 

meaning or, more succinctly, is “racialized” (Murji and Solomos 2005; Omi and Winant 2015). 

It is therefore possible that Whiteness characterizes the middle class identity in practice (and, 

perhaps more importantly, in the mind of citizens).  

If the middle class identity is racialized, a number of testable implications follow. First, 

self-identification as middle class should reflect racial division even controlling for the influence 

of objective class indicators like income, homeownership, and education; Whites will be more 

likely to identify as middle class than non-Whites, but especially more than Blacks. If the 

identity is racialized, citizens may use race as well as ostensible class background to make 

assessments of middle class membership. In other words, citizens may “punish” certain races, 

finding them less likely to be middle class than other races (even controlling for similar 

ostensible backgrounds).  

METHODS AND EXPECTATIONS 

Observational Analysis 

In order to explore racial differences in middle class identification, I asked respondents to 

the 2016 Cooperative Congressional Election Study (CCES)1 to self-identify as any of six class 

groups. I employ logistic regression to create models of middle class identification as a function 

of socioeconomic indicators like income, education, homeownership, gender, and partisanship. I 

model this proclivity using three different race variables so as to parse racial differences in 

middle class identification while controlling for the influence of other socioeconomic and 

demographic indicators. 

																																																								
1 The CCES is a 50,000+-person national stratified sample survey. Information on the CCES is available at the 
study’s website. 
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A number of testable implications derive from the possibility that the middle class 

identity is racialized (specifically, as White). First, there will be systematic racial differences in 

identification as middle class. In particular, White citizens will be far more likely to identify as 

middle class than Blacks and Latinos given their advantage in the racialized political economy of 

the United States. In this climate, non-Whites often face lower incomes and educational 

attainment, which may manifest in differential races of middle class identification. This 

difference should be particularly pronounced between Whites and Blacks, who have faced 

historical disadvantage in the United States.2 Most importantly, this identification pattern will 

hold even controlling for other indicators of middle class status like family income, education, 

occupation, and homeownership. 

First, however, it is important to explore the relationship between middle class 

identification and traditional indicators of class status employed in demographic research and in 

scholarship. Income generally predicts socioeconomic status, for example (Hochschild 1996; 

Page, Bartels, and Seawright 2013; Stonecash 2000). As one’s income increases, his class 

identification will also likely “increase;” in other words, he is more likely to identify with a 

“higher’ class group (or may “move up” a class group, from, for example, lower class to working 

class).3  

Similarly, education may help predict socioeconomic status; as with income, one will be 

more likely to identify with “higher” class groups as he receives more education. Scholarship has 

theorized as well as demonstrated that middle class citizens tend to have at least a college 

																																																								
2 While it is likely the case that Whites will identify as middle class far more than other racial minorities, like Asian 
Americans, Native Americans, and Pacific Islanders, it is unwise to make comparisons between Whites and these 
minority groups, as they are not as well represented over time on surveys as are Blacks and Latinos.  
3 Given that the income measure of interest is a scaled variable, I will refrain from making predictions about a 
certain “critical threshold” leading to a change in class group. Rather, I expect to see that identification with the 
middle class will increase as income increases; respondents with extremely high incomes (of which there are likely 
to be few) will identify as upper class. 
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education (Bartels 2006; Kendall 2011); as such, with increased educational attainment comes an 

increased likelihood of identifying as middle class.4 Accordingly, college-educated respondents 

(and even respondents with post-secondary education) are more likely than those with lower 

levels of educational attainment to identify as middle class.  

Finally, homeownership may influence class identification. Homeowners demonstrate the 

ability to take on debt and hold assets, and as such, will more likely identify as a member of a 

“higher” class group (Fisher 1966; Hochschild 1996; Hout 2008; Kahl 1965; Parker 1974; The 

White House 2010). Indeed, given that homeownership is one of the hallmarks of the middle 

class, homeowners are likely to consider themselves members of the this class group in 

particular. All of these indicators are related in important ways not only to class identification, 

but also to each other (Kinder and Sanders 1996; McCall and Manza 2011).5  

Demographic characteristics, like these other indicators of socioeconomic status, may 

also influence a citizen’s identification with the middle class. Most importantly, a citizen’s race 

may serve as an important determinant of class identity. The United States operates as a 

racialized political economy wherein Whites generally have more assets and education; 

accordingly, they may hold more prestigious jobs and thereby gain higher incomes than 

minorities. This situation may manifest in identification as middle class more frequently than 

racial minorities.  

Prior research has also demonstrated important connections between class and gender. 

The labor market can disadvantage women, placing them in less prestigious occupations with 

lower incomes; as such, women face greater economic insecurity than men (Brady, Sosnaud, and 

Frenk 2009). Further, societal gender and class cleavages are related in important ways (Brooks 

																																																								
4 It is possible that, like with income, the most highly educated will identify as “upper class.” However, I expect that 
highly educated respondents in this survey will disproportionately identify as middle class. 
5 More information about these variables can be found in the appendix. 
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and Manza 1997). It is therefore important to account for respondent gender when predicting 

middle class identification; given the potential for gender-based disenfranchisement in American 

society, men may be more likely than women to identify with higher-class groups (and, 

therefore, the middle class).  

In addition to its nature as socioeconomic, the middle class identity also holds important 

political implications. Social class is related to a number of important political phenomena,6 such 

as political preferences (Lazarsfeld, Berelson, and Gaudet 1948; McCall and Manza 2011). 

Partisanship, like class, is a form of emotional or social group identification that individuals hold 

with conviction and use to make political decisions (Campbell et al. 1960; Converse 1964; 

Downs 1957; D. Green, Palmquist, and Schickler 2002). American party identification and class 

identification (generally) have a long history. The middle class identity and party identification 

may therefore be related in systematic ways.   For example, the Democratic Party generally 

represents minority groups and working Americans (Gilens 2012; Grossmann and Hopkins 2015; 

Nicholson and Segura 2012), while the programmatic commitments of the GOP often reflect the 

desires of higher-income constituents, donors, and business interests (Bartels 2006; Gilens 2012; 

McCarty, Poole, and Rosenthal 2006). Income, partisanship, and class identification are therefore 

closely related; accordingly, it is possible that Republicans tend to identify as middle class more 

frequently than Democrats. 

 To reiterate, though these traditional indicators of class status may help to predict middle 

class identification, respondent race may also serve as an important predictor even controlling for 

these other factors. Importantly, Whites are most likely to identify as middle class, and there will 

																																																								
6 Others include participation (Schattschneider 1975; Schlozman, Verba, and Brady 1995) and vote choice (Bartels 
2008; Brewer and Stonecash 2001; Stonecash 2000). 
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likely be statistically significant differences in middle class identification between Whites and 

Blacks in particular. 

Conjoint Analysis 

An exploration of class identification is compelling, but does not address whether and to 

what extent Americans perceive a racial dimension to class identity. Americans have a tendency 

to conflate class and race (Ortner 1998); as such, it is likely the case that (when given the 

opportunity), citizens may use both ostensible class background (cued through style of dress 

connoting socioeconomic background and occupation) as well as race to make inferences about 

middle class membership. If citizens do make this connection, they will demonstrate 

understanding, at least at an implicit level, of an important societal phenomenon (a racially 

exclusive middle class identity) and reality. More troubling is the potentiality for a mismatch 

between citizen understanding and racial reality – if citizens do not recognize that the middle 

class is racialized (arguably as White), there are serious negative implications for citizen 

perception of the realities of class, race, and the relationship between the two in the United 

States. 

While survey experiments are useful for assessing causality, an adaptation of conjoint 

analysis is particularly useful for my purposes. Conjoint experiments have their roots in market 

research, and are most useful because they allow for the estimation of causal effects of multiple 

treatment components on a single behavioral outcome and assessment the relative explanatory 

power of these different components (Hainmueller, Hopkins, and Yamamoto 2014; Rao 2014). 

The behavioral outcome of a conjoint analysis can involve a rating task, wherein respondents 

give their ratings of different alternatives, or a choice task, wherein respondents must choose 
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between two competing alternatives that differ on a number of dimensions, known as attributes 

(see, for example, Oliphant et al. (1992) and Rao (2014)). 

Choice-based conjoint experiments are generally referred to as forced-choice experiments 

or discrete choice experimentation, and are the most popular variety of conjoint experiments 

(Hainmueller, Hopkins, and Yamamoto 2014; Sawtooth Software Inc. 2013). After being 

presented with multiple pieces of information (alternatives), respondents make a single choice 

per choice set; the design is therefore analogous to a voter’s decision-making task or a 

consumer’s purchasing task (P. E. Green, Krieger, and Wind 2001; Hainmueller, Hopkins, and 

Yamamoto 2014; Rao 2014; Sawtooth Software Inc. 2013). For example, the voter must cast a 

single ballot and the consumer must buy a single product – more precisely, must make a single 

decision – between competing candidates/products that differ on multiple dimensions. 

While some conjoint analysis employs descriptions, varying the terms used to describe 

candidates (Franchino and Zucchini 2015; Hainmueller, Hopkins, and Yamamoto 2014) 

individuals (Caruso, Rahnev, and Banaji 2009), policy issues (Hainmueller, Hangartner, and 

Yamamoto 2015; Hainmueller and Hopkins 2015) and national performance (Hansen, Olsen, and 

Bech 2015), others use images in place of or in addition to text (Sawtooth Software Inc. 2013). A 

number of studies in political science – notably, studies examining the impact of candidate race 

on voters’ decision-making and choices – also use images in experiments (Terkildsen 1993; 

Weaver 2012) and in observational analyses (Banducci et al. 2008). Following the lead of these 

scholars, I employed images presenting men that varied on two important attributes to 

respondents to the 2016 CCES, who were forced to choose which man, between two presented, 

they felt was the most likely member of the middle class.  
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Respondents were presented randomly with four sets of two such side-by-side images; 

respondents saw only one set of images at a time, and chose only one image per task. There were 

six total images a respondent could possibly see. The two attributes that varied between images 

were the race of the man in the image, and his style of dress, which was meant to be a clue as to 

his occupation, which is an indicator of socioeconomic status. More specifically, respondents 

saw an image of either a White, Black, or Latino man, dressed either in a shirt and tie 

(representing a “white collar” background or profession) or in construction gear (representing a 

“blue collar” background or profession). Importantly, there was no within-race variation in 

model; in other words, the White man in a shirt and tie, for example, was the same White model 

in construction gear.7 Thus, after randomly viewing two images of men – a White, Black, or 

Latino man, dressed either in a “blue collar” hardhat and jumpsuit or a “White collar” shirt and 

suit jacket – respondents chose which was more likely to be middle class. 

Respondents made a single choice per task (making four choices total). Rather than 

engage in four analyses of choice (with one dependent variable representing choice per task), I 

amalgamated the choices into a single variable. Thus, rather than comparing four separate tasks 

containing 1,000 choices, I analyze 4,000 choices together. More importantly, I coded this choice 

variable in such a way that accounts not only for the images respondents chose, but also for the 

images respondents did not choose. In other words, there are 8,000 total observations in the 

choice model; half of these observations note the image respondents chose (coded as “true,” or 1) 

while the other half notes the image that was not chosen by respondents (coded as “false,” or 0). 

Coding the variable this way therefore not only allows for predicting image choice given certain 

attributes, but also accounts for this choice in light of the specific comparison of images that 

respondents made. 
																																																								
7 Images are available in the appendix. 
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Forced-choice conjoint experiments are appealing given their utility for comparing 

between competing causal claims, but also because estimation and analysis are straightforward. 

A simple logistic regression8 of the binary choice variable on binary attribute variables (and 

relevant interaction terms between attribute variables)9 estimates the probability of choice of an 

alternative given a set of attributes. More specifically, the logistic regression models the 

probability of choosing an alternative in terms of the attribute levels of each of the items (i.e., 

images) with respect to a base alternative from the choice set (see Rao (2014) for a thorough 

discussion of the utility of logistic models for choice-based conjoint analysis). The coefficients 

of the independent variables representing attributes are therefore interpretable as the average 

change in the probability that a given image (which contains a set of attributes) will gain support 

when it includes the listed attribute variable instead of the baseline attribute variable. It is also 

possible to estimate the interaction between two variables and their joint influence on choice 

using logistic regression; in particular, the interaction is the product of the two variables (Rao 

2014).  Finally, clustering standard errors by respondent corrects for systematic bias given 

correlation between potential choice and rating outcomes within respondents due to the influence 

of unobserved respondent characteristics (Hainmueller, Hopkins, and Yamamoto 2014).  

Finally, conjoint analysis is useful for exploring differences in the influence of different 

attributes on choice among different groups of respondents. It is therefore possible to compare 

choices among respondents of different, theoretically relevant respondent subgroups 

(Hainmueller, Hopkins, and Yamamoto 2014; Rao 2014). For my purposes, images varied with 

respect to two attributes (race and socioeconomic background), and respondents were asked to 

																																																								
8 I chose logistic regression because there were only two possible outcomes in this forced choice scenario. I 
replicated each component of this analysis using multinomial logistic regression and produced identical results to the 
simple logistic regression model. 
9 See Sawtooth (2013) for a discussion of the benefits of conjoint analysis in dealing with interactions, especially in 
situations where there are few attributes and attribute interaction is of concern. 
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make an assessment about which belonged in a certain class group (the middle class).  A 

respondent’s own racial and socioeconomic status might influence these decisions, and it is 

therefore necessary to engage in sub-group analysis based on respondent race and social class. 

When given the opportunity, citizens will demonstrate a racialized understanding of the 

middle class by selecting White individuals as the most likely candidates for membership – 

regardless of the White individual’s ostensible socioeconomic background. First, however, 

citizens will be more likely to select members of the middle class who “dress the part;” in other 

words, they will select models wearing white-collar outfits having used the outfits to make 

inferences about the man’s occupation and socioeconomic background. Nonetheless, citizens 

will exhibit racialized understandings of the middle class identity, systematically excluding 

certain groups from selection. More specifically, citizens will be less likely to select Blacks and 

Latinos as members of the middle class than Whites. In other words, when an image depicts a 

Black or Latino model, respondents will be more likely to select an alternative image. 

RESULTS: OBSERVATIONAL ANALYSIS 

The majority of the 1,000 respondents on this module of the CCES was predominantly 

White (68%), followed by modest percentages of Blacks (12.5%) and Latinos (11.3%).10 Just 

over half of respondents identified as female (576).11 Respondents were almost evenly split in 

terms of liberal (29%) and conservative (28%) ideology, but most respondents (37%) identified 

as “moderate.” Almost three quarters of respondents identified as some variant of middle class 

(“lower middle class,” “middle class,” or “upper middle class”), with another fifth, roughly, 

identifying as working class. This distribution holds, generally speaking, across respondent race 

(see Figure 1, below). That the middle class identity is popular among survey respondents is 

																																																								
10 The 2016 CCES asked, in a separate question, if respondents were of Spanish, Latino, or Hispanic origin or 
descent. 69 respondents replied “yes” to this alternative race question. 
11 Please see the appendix for tables with demographic information. 
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unsurprising – indeed, a 2015 Gallup poll noted that 51% of respondents view themselves as 

middle class, while a 2016 Gallup poll indicated that 58% of Americans identify as middle class 

– a 7% increase (Newport 2015, 2016).   

 
 
 It is possible that differences in middle class identification reflect true race-based 

differences in middle class status indicators such as income, education, and occupation, for 

example. Therefore, it is important to account for these ‘objective’ factors that may contribute to 

respondents’ personal understandings of their class identities when assessing class membership. 

If there are systematic racial differences in middle class identification even controlling for such 

measures of middle class membership, the identity may be not only economic in nature, but also 

racial; the group may therefore be a racial group It is therefore necessary to model middle class 

identification as a function of race while controlling for the influence of other socioeconomic 

indicators, like income, education, homeownership, gender, and partisanship. 
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 Before examining the relationship between class and middle class identification, it is first 

important to understand the association between race, indicators of socioeconomic status, and 

class identification more broadly. Respondents to the 2016 CCES were therefore asked to offer 

their own class identification (the dependent variable in Table 1, below). Race – as a binary 

indicator of Whiteness12 – is not a significant predictor of respondents’ four-part class 

identification when treating race as a binary indicator of Whiteness and controlling for other 

indicators of socioeconomic status. Table 1 (below) presents an ordinary least squares regression 

model of class identification as a function of important socioeconomic characteristics and race 

among CCES respondents. Though gains in education and family income predict higher-class 

group identification, a respondent’s race was not a significant predictor of identification with any 

of these four class groups. 

Table 1:  Influence of Respondent Race on Class Group Identification, 2016 
CCES 
Race 0.06 
 (0.09) 
Education 0.14*** 
 (0.04) 
Family Income 0.19*** 
 (0.05) 
Gender -0.05 
 (0.07) 
Homeowner 0.15 
 (0.09) 
Partisanship 0.02 
 (0.02) 
Constant 2.55*** 
 (0.08) 
Observations 790 
F  
P  
R-squared 0.24 
p≤0.05, **p≤0.01, ***p≤0.001. 
Note: Standard Errors are displayed in parentheses below each coefficient. All 
variables save for Race and Gender have been standardized 

 

																																																								
12 Here, race is a binary variable with 1 representing White and 0 representing non-White. 
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Does respondent race help to predict middle class identification? Just as with class 

identification more generally, race – as an indicator of Whiteness – is not a significant predictor 

of identification with the middle class. In other words, Whites are no more likely than non-

Whites to identify as middle class (Table 2, Model 1). Given that there were so few non-Black 

and non-Latino racial minorities in the respondent pool, Model 2 presents an identical model of 

middle class identification while restricting analysis to only White, Black, and Latino 

respondents.  In this model, too, race (a binary indicator) is not a meaningful predictor of 

identification with the middle class. Rather, education and family income are the primary 

predictors of middle class identification. 

Table 2: Respondent Identification with the Middle Class, 2016 CCES 
 Model 1 Model 2 Model 3 
Black - - 0.43* 
 - - (0.17) 
Latino - - 0.81 
 - - (0.31) 
Race 1.28 1.50 - 
 (0.37) (0.49) - 
Education 1.67** 1.68*** 1.68*** 
 (0.26) (0.26) (0.26) 
Family Income 2.75*** 2.49*** 2.49*** 
 (0.52) (0.48) (0.47) 
Gender 0.86 0.88 0.86 
 (0.23) (0.24) (0.24) 
Homeowner 1.49 1.54 1.49 
 (0.42) (0.45) (0.44) 
Partisanship 1.08 1.07 1.04 
 (0.07) (0.07) (0.07) 
Constant 2.76** 2.16* 3.49*** 
 (0.87) (0.77) (1.04) 
Observations 790 734 734 
F    
P    
*p≤0.05, **p≤0.01, ***p≤0.001. 
Note: Standard Errors are displayed in parentheses below each 
coefficient. All variables save for Race and Gender have been 
standardized 

 
However, examining racial differences among all respondents can be misleading, as it 

lumps together all non-Whites and thereby obscures potential differences among non-Whites in 

terms of middle class identification. Additionally, an examination of respondent identification 
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with the middle class identity by racial group provides compelling evidence of potential racial 

differences in middle class identification (Figure 2, below). 

 

 
 

As such, Model 3 in Table 2 (above) reports the results of a logistic regression of 

identification with the middle class while controlling for socioeconomic factors as well as 

minority respondents’ racial identities. Important racial differences emerge with respect to Black 

and White respondents. In particular, Black respondents are statistically significantly less likely 

to identify as middle class than are non-Black respondents, even controlling for other predictors 

of socioeconomic status. Meanwhile, Latinos are no more or less likely than non-Latinos 

respondents to identify as middle class. Figure 3 (below) demonstrates this statistically 

significant difference between Blacks and Whites, as evidenced by the odds ratio coefficient for 

Black and its confidence interval that does not overlap one. 
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Taken together, a larger percentage of White than non-White respondents identify as 

middle class. When accounting for other possible determinants of class status (and treating race 

as a binary White/non-White identification), race does not appear to be a determinant of middle 

class membership. Yet when restricting analysis to the three largest racial groups in the United 

States – Whites, Blacks, and Latinos – and making comparisons among all three racial groups, 

important differences in middle class identification emerge between Blacks and non-Blacks. In 

other words, Blacks are statistically significantly less likely to identify as middle class. Thus, 

among CCES respondents, at least, the middle class may not be “Whitewashed,” but it is 

certainly a group exclusive to some – Blacks – on the basis of race. 

 
 

RESULTS: CHOICE TASK MAIN EFFECTS 
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To assess whether or not respondents hold a “Whitewashed” conceptualization of the 

middle class identity, I conducted a conjoint experiment. Again, respondents were exposed to 

four sets of two images, and forced to pick, in each task, which image depicted the most likely 

member of the middle class. Attributes of the individuals depicted varied along two dimensions: 

race (White, Hispanic, or Latino) and occupation (as a proxy for ostensible socioeconomic 

background; models could be either “white collar” or “blue collar”). Condensing the four choice 

tasks into a single choice variable allowed for a comparison of 3,104 (complete) individual 

choices made in 4,000 tasks by 1,000 respondents. Recall, though, that the choice variable 

contained 3,104 observations coded as “true” to represent the image selected, and 3,104 

observations coded as “false” to represent each image not selected in each choice task. As such, 

the choice variable actually contains 8,000 observations.13 

To obtain the probability of selecting an image given the occurrence of certain attributes, 

I follow Rao (2014) in constructing logistic regression models of image choice. I include binary 

variables for each attribute thereby creating a baseline comparison to a White model in white-

collar attire. The binary choice variable – the dependent variable – is whether or not a respondent 

chooses the described image (as opposed to the baseline). Each coefficient probability of 

choosing an image compared to the baseline given that the image included the attribute in 

question (for example, Latino race or blue-collar attire). Finally, robust standard errors are 

clustered on respondent to account for within-respondent effects. 

Figure 4 (below) presents the odds (and 95% confidence intervals, as determined by 

logistic regression) of selecting an image depicting a given attribute instead of the baseline 

attribute. When an image depicts an individual in blue-collar attire (as opposed to white-collar 

attire, the baseline), the odds of selecting the image is 0.81 (SE=0.06), meaning respondents are 
																																																								
13 Respondents failed to complete tasks 1,792 times. 
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about 19% less likely to select the image. Similarly, when the image depicts a Latino, the odds of 

selecting the image are 0.84 (SE=0.06), meaning respondents are about 16% less likely to select 

the image depicting the Latino than the baseline (which depicts a White individual). 

 

 
 It is possible that different racial subgroups (specifically, those whose races are depicted 

by the images) may have different reactions to the images. It is therefore necessary to replicate 

the analysis by racial subgroups. Important racial subgroup differences emerge, as Figure 5 

(below) demonstrates. First, the odds of selecting an image depicting a blue-collar individual 

decrease among White and Black respondents by 0.82 (SE=0.08) and 0.63 (SE=0.14), 

respectively. This means that the odds of choosing the images depicting a blue-collar individual 

(as opposed to a white collar individual) decrease by roughly 18% and 37%, respectively. 

Additionally, White respondents “punish” Latinos, not generally finding them to be members of 



	
	

21 

the middle class: Whites are statistically significantly less likely to select an image depicting a 

Latino than one that depicts a White man. More specifically, the odds of selecting the Latino 

image rather than the White image are 0.82 (SE=0.07), meaning the odds of selecting this image 

decrease by 18%. 

 

 Finally, because respondents were asked to make an assessment about membership in a 

class group, there may be systematic differences in image choice as a function of class identity. 

Indeed, evaluation of images does indeed vary by class membership.  Interestingly, the 

probability of selecting an image depicting a blue-collar individual as opposed to a white-collar 

individual decreased among respondents who identified as any class group other than the middle 

class.  Middle class respondents, meanwhile, did not discriminate based on dress; for middle 

class respondents, there were no systematic differences in the probability of selecting a depiction 

of the middle class as a function of ostensible socioeconomic background. Additionally, middle 
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class respondents were less likely to select an image depicting a Latino than one depicting a 

White man. The odds of selecting the Latino image as opposed to the White image decrease by 

19%; in other words, the odds of selecting the Latino were only 0.81 (SE=0.06) among middle 

class respondents, who instead selected images of Whites as the most likely members of the 

middle class.  

 

 These results tell an interesting story about respondents’ perception of the middle class 

identity. Unsurprisingly, respondents are more likely to select an image depicting a white-collar 

individual than a blue-collar individual when asked to identify the most likely member of the 

middle class. However, a candidate’s style of dress – used as a proxy for socioeconomic 

background – is not the only factor respondents consider when selecting members of the middle 

class. Indeed, because respondents seem to “punish” Latinos, selecting them less frequently as 

members of the middle class, it is clear that respondents also consider race when deciding 
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membership of the middle class. These trends generally hold across racial and class subgroups, a 

well, providing further clarification about how respondents evaluate middle class membership. 

RESULTS: CHOICE TEST INTERACTIONS 

 It is also possible that co-occurring attributes jointly influence respondents’ evaluations 

of images.  As such, I also estimated models of choice including interaction terms. Figure 7 

(below) depicts the probability of selecting images instead of the baseline (White, white-collar) 

given that they contain certain attributes (as estimated by logistic regression); these models also 

account for the joint influence of different attributes on image selection.  Importantly, there are 

no substantial interaction effects among the full sample of respondents, meaning that at least 

among the full sample, attributes did not intersect and jointly influence respondents’ decisions in 

a meaningful (or measurable) way. 
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 When exploring interaction effects among racial and class sub-groups, there is only one 

noteworthy interaction effect.14 In particular, when middle class respondents encounter an image 

depicting a Latino in blue-collar attire, the odds of selecting this image (as opposed to a White 

model in white-collar dress) decrease by 30% (the odds ratio is 0.70 (SE=0.11)).  Importantly, 

the singular influence of an image depicting blue-collar attire or a Latino disappears when 

accounting for the interaction effect. This means that, at least for middle class respondents, the 

joint influence of these attributes really drives the discrimination against the Latino images.  

 These expanded models account not just for the influence of individual attributes on 

respondent choice, but also for the joint influence or interaction of attributes. While there are no 

interaction effects present in models with all respondents and only one in sub-group models, the 

results nonetheless indicate that respondents consider not only ostensible class or occupation 

when evaluating who “belongs” to the middle class, and instead consider race when making this 

decision. More particularly, (some) respondents seem to “punish” Latinos in particular, viewing 

them as less likely to be members of the middle class. 

DISCUSSION 

 Taken together, the results paint an interesting picture of the middle class identity in the 

United States. Among respondents to the 2016 CCES, a larger percentage of Whites identify as 

middle class than non-Whites; when accounting for other indicators of socioeconomic status, 

however, it is clear that the middle class, while not necessarily “Whitewashed,” nonetheless is 

racialized. Specifically, the class group is racialized as “non-Black.” The middle class, then, is 

indeed exclusive not only on the basis of socioeconomic indicators (like income and education, 

for example), but also on the basis of race. 

																																																								
14 Please see the appendix for regression tables. 
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Interestingly, however, when respondents had the opportunity to select members of the 

middle class, the excluded group was not Blacks, but Latinos. As such, respondents manifested, 

in their behavior, a racialized understanding of the class identity. The identity, in the mind of 

citizens, is not inherently “Whitewashed,” but is exclusive, again on the basis of race. There is 

certainly a mismatch between reality and respondents’ assessments: while Blacks do not self-

select into the middle class in systematic a systematic way, respondents (particularly White and 

middle class respondents) tend to think that the class group comprises Whites and Blacks, but not 

Latinos.  

Moving forward, I aim to explore situations where respondents did not make a choice. 

While I do not expect this to be the case, it is possible that respondents avoided making choices 

between certain pairs of images in a systematic way. It is important to account for this 

potentiality, which is possible using multinomial logistic regression and treating such situations 

as a third (latent) choice category. It is likely, though, that the observed differences noted in this 

analysis will hold – in other words, it is likely that respondents (especially White and middle 

class respondents) will continue to “punish” Latinos, selecting them far less as members of the 

middle class. 

Nonetheless, the results from both the observational analysis and conjoint experiment 

indicate that the middle class identity is extremely complicated. It is not simply a class group: 

rather, the identity is racialized in subtle ways; citizens’ perceptions of the identity – either their 

identification with it or identification of it – are influenced by race. The main contention that the 

middle class is racialized therefore stands; the identity is not merely an economic group, but also 

a racial group. The common ground is, of course, Whites: Whites disproportionately identify as 

middle class, and are certainly selected as members of the class group. 
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The middle class identity is racialized in subtle, complicated ways. The identity is 

therefore not inclusive, which holds tremendous implications for identifying beneficiaries of 

policies aimed at benefitting the middle class. Since Blacks do not identify with the class group, 

they will likely not see themselves as beneficiaries of policies designed to aid the middle class. 

Additionally, there are important implications for citizen understanding of political rhetoric 

invoking the middle class. Because the identity is racialized, invoking the middle class is a way 

to speak with Whites (at the expense, in the mind of citizens, of Latinos).  
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APPENDIX 
CONTROL VARIABLES 
The CCES asks all respondents a number of questions as Common Content. Race is a seven-part 
indicator. The CCES also asks whether respondents are of Hispanic origin (respondents could 
pick yes or no). This analysis makes use of both variables to construct the race variables used in 
this analysis. Income asks respondents to indicate their family income; respondents could choose 
from one of eighteen different income ranges, which generally spanned a range of about 
$10,000. Education is a six-part indicator asking respondents to indicate the highest level of 
education completed, ranging from “no high school” on the low end and “post-graduate” on the 
high end. To easily compare differences in the magnitude and predictive power of these 
variables, they have been re-scaled to range from zero to one.  Homeownership is a categorical 
variable; respondents could indicate that they own, rent, or do something else. I constructed a 
simple binary homeownership variable from this categorical variable. Respondents were also 
asked about their partisanship on a seven-point scale ranging from strong Democrat to strong 
Republican.  Education and family income were standardized using the formula X*=(Xµ)/ σ, 
where X is the unstandardized variable, µ is the mean of X, and σ is the standard deviation of X. 
This standardization, which sets the means to zero and the standard deviations to one, facilitates 
interpretability and comparability of magnitude by placing variables on the same scale. 
 
RESPONDENT CLASS IDENTIFICATION 
My analysis used a four-part class identification variable asked only of respondents on a 
particular module. The prompt asked respondents to choose any of six different class groups 
(lower, working, lower middle, middle, upper middle, and upper). The four-part variable was 
constructed by collapsing the middle class categories into a single one. The four-part variable 
therefore included only lower class, working class, middle class, and upper class.  
 
RESPONDENT RACE AND CLASS DISTRIBUTIONS 
 

Table A1: Race of Respondents to Module 
of the 2016 CCES 
Race Frequency Percent 
White 680 68 
Black 125 12.5 
Latino 113 11.3 
Asian 34 3.4 
Native American 11 1.1 
Mixed 23 2.3 
Other 14 1.4 
 Total 1,000 100 
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Table A2: Class Identification of Respondents to 
Module of 2016 CCES 
Class Frequency Percent 
Lower 74 7.43 
Working 170 17.07 
Lower middle 228 22.89 
Middle 407 40.86 
Upper middle 104 10.44 
Upper 13 1.31 
Total 996 100 

 
 
 
Table A3: Frequency of Image Combinations Shown to Respondents, Conjoint Experiment 

 
White/WC Black/WC Latino/WC White/BC Black/BC Latino/BC Total 

White/WC 0 120 137 152 122 125 656 
Black/WC 159 0 128 137 134 130 688 
Latino/WC 135 128 0 135 140 134 672 
White/BC 128 129 148 0 126 115 646 
Black/BC 149 124 132 136 0 149 690 
Latino/BC 143 111 134 134 126 0 648 
Total 714 612 679 694 648 653 4,000 
Note: “WC” refers to “white-collar,” while “BC” refers to “blue-collar” 
 
 
REGRESSION TABLES – CONJOINT EXPERIMENT 
Main Effects 
 
Table A4: Effect of Image Attribute on Image 1 Choice 
Blue Collar 0.81** 
 (0.06) 
Black 1.06 
 (0.07) 
Latino 0.84** 
 (0.06) 
Constant 1.16** 
 (0.06) 
Observations 6,208 
Note: Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 
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Table A5: Effect of Image Attribute on Image 1 Choice, by Respondent Race 
 Whites Blacks Hispanics 
Blue Collar 0.82* 0.63* 0.81 
 (0.08) (0.14) (0.14) 
Black 1.08 1.18 0.91 
 (0.09) (0.23) (0.14) 
Latino 0.82* 0.88 0.83 
 (0.07) (0.18) (0.12) 
Constant 1.15* 1.24 1.22 
 (0.08) (0.21) (0.14) 
Observations 4,226 742 1,124 
Note: Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 
 
 
Table A6: Effect of Image Attribute on Image 1 Choice, by Respondent Class Identification 
 Lower Working Middle Upper 
Blue Collar 0.47* 0.51*** 0.98 0.16** 
 (0.14) (0.10) (0.09) (0.11) 
Black 0.93 1.14 1.07 0.66 
 (0.24) (0.20) (0.08) (0.50) 
Latino 0.79 1.04 0.81** 0.41 
 (0.19) (0.17) (0.06) (0.31) 
Constant 1.60* 1.31* 1.06 3.92* 
 (0.33) (0.18) (0.07) (2.71) 
Observations 466 1,070 4,574 70 
Note: Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 
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Interaction Effects 
 
Table A7: Effect of Image Attribute on Image Choice, With Interaction Effects 
Blue Collar 0.95 
 (0.10) 
Black 1.21 
 (0.12) 
Latino 0.93 
 (0.09) 
BlackXBlue Collar 0.77 
 (0.10) 
LatinoXBlue Collar 0.80 
 (0.11) 
Constant 1.07 
 (0.07) 
Observations 6,208 
Note: Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 
 
 
Table A8: Effect of Image Attribute on Image Choice with Interaction Effects, by 
Respondent Race 
 Whites Blacks Hispanics 
Blue Collar 0.95 0.66 0.94 
 (0.13) (0.21) (0.24) 
Black 1.17 1.28 1.14 
 (0.14) (0.35) (0.27) 
Latino 0.94 0.88 0.83 
 (0.11) (0.25) (0.18) 
BlackXBlue Collar 0.84 0.85 0.63 
 (0.14) (0.35) (0.20) 
LatinoXBlue Collar 0.76 0.99 0.99 
 (0.12) (0.43) (0.34) 
Constant 1.07 1.21 1.13 
 (0.09) (0.24) (0.17) 
Observations 4,226 742 1,124 
Note: Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 
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Table A9: Effect of Image Attribute on Image Choice with Interaction Effects, by 
Respondent Class Identification 
 Lower Working Middle Upper 
Blue Collar 0.45 0.55* 1.19 0.10*** 
 (0.21) (0.15) (0.15) (0.06) 
Black 1.16 1.32 1.22 0.40 
 (0.44) (0.34) (0.14) (0.37) 
Latino 0.61 1.03 0.97 0.35 
 (0.24) (0.22) (0.11) (0.34) 
BlackXBlue Collar 0.62 0.76 0.77 2.50 
 (0.34) (0.27) (0.12) (3.38) 
LatinoXBlue Collar 1.69 1.03 0.70* 1.27 
 (1.05) (0.33) (0.11) (1.88) 
Constant 1.63 1.26 0.96 5.00* 
 (0.45) (0.20) (0.08) (3.15) 
Observations 466 1,070 4,574 70 
R-squared 0.05 0.03 0.00 0.21 
Note: Robust standard errors in parentheses 
*** p<0.001, ** p<0.01, * p<0.05 
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